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BJL1: Seed-based FC 7-#ft #1 ROIl-based FC 73#7 X4 Ak Seed-based functional
connectivity, also called ROIl-based functional connectivity, finds regions correlated with the
activity in a seed region. (Lvetal., AINR, 2018) . &1 LAKCA Voxel-wise FC 1 ROI-wise
FC.
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EW2: 41 17 NEERH . 1(65)=-4.172, p<0.001, d=1.030. d Z&ft+4?
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