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In the dynamic arena of modern technological development, algorithms stand out as pivotal
tools, seamlessly intertwining with various facets of our digital experiences and societal
management. Algorithms as alternatives and enhancements to human decision-making have
become ubiquitously adopted in the workplace. Despite algorithms having numerous advantages,
such as expansive data storage, expeditious decision-making, objectivity, fairness, and resilience
against extraneous disruptive factors, persistent resistance towards algorithmic decision-making is
common in existing research. Particularly in the area of human resources, there is often a desire
for transparency and openness in decision-making, which is a flaw for algorithms. Thus, the
present study aims to explore laypeople's attitudes towards algorithmic management in human
resource management and seek the deep mechanism and potential boundary condition.

To verify the research hypotheses, four experiments (N=1211) were conducted referring to
human resource scenarios in the workplace - recruitment and hiring, allocation of year-end
bonuses, resume screening, and performance assessment. Experiment 1 employed a single-factor
two-level between-subjects design, wherein 303 participants were randomly assigned to disparate
conditions (decision agents: human or algorithm) and tested their permissibility, liking, and
willingness to decision-making agents. Experiment 2 was similar to Experiment 1, the only
difference was an additional measurement of the mediating role of perceived transparency.



Experiment 3 aimed to reveal the causal linkage between the mediator and dependent variables by
manipulating algorithmic decision transparency. In experiment 4, a single-factor three-level
(non-anthropomorphic algorithm; anthropomorphic algorithm; human manager) between-subjects
design was utilized to assess the moderating effect of anthropomorphism, specifically focusing on
manipulating algorithmic anthropomorphism and measuring response propensities.

Conforming to predictions, the research revealed a lower degree of permissibility, liking, and
to utilize algorithmic decisions compared to those made by human managers (Experiment 1-4). It
was robustness that was substantiated across diverse contexts and samples. Furthermore, the study
revealed perceived transparency as a mediating variable influencing the impact of decision agents
(human vs. algorithm) on three-dimensional (cognitive, affective and behavioral) dependent
variables. Specifically speaking, algorithmic decisions, especially concerning human resource
matters, were perceived as less transparent and more enigmatic, resulting in their rejection and
disapproval (Experiment 2). Algorithms with higher transparency (process and basis for
decision-making by open algorithms) would cause a high level of permissibility, liking, and
willingness to utilize (Experiment 3). Remarkably, anthropomorphic algorithms—attributed with
human-like names and employing human-like linguistic styles—could bring more positive
responses, with participants manifesting significantly elevated levels of permissibility, liking, and
willingness to utilize the anthropomorphic algorithm (Experiment 4).

These findings bridge the gap in algorithm aversion and decision transparency from the
social-psychological perspective. Firstly, this study investigates the different reactions to
human-algorithm decisions from a three-dimensional perspective including cognition, affect, and
behavioral intention, which could assist in comprehending algorithm aversion. Secondly, the
research discovers that perceived transparency is pivotal for algorithm aversion and offers
theoretical evidence for the development of Explainable Artificial Intelligence (XAl). Ultimately,
showecasing that anthropomorphism can potentially modulate algorithm aversion not only fortifies
understanding of psychological triggers but also potentially hints at a pragmatic pathway toward
intelligent management.
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b Tl 4.0 WHARKIZ A HEDE, HAE BRI RE A VBRI N NATTAE 2220
W7z H, N5 BN G2t ENUE R N TR %% — RAIMRIIN R 3 1)
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Rk, BEEBIEANTFEN “AVEIkE (partner) 7 Jual, Bl TN AL “FE-SS
(subordinate-leader) ” ¢ R A RHE [ 558 AT NS HLEE O &R AT L (Wesche
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RN, AT ENUFI AR S35 BEORMAEI L 4 2 90k, 52 1) B2 A
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4. BN ELE R RS (Simth & Shum, 2018) , PR TGEREAMIEE MY R T
MR R ANKRS IR AR, H X AR T 33— D I PPAS RO o ST
B, ARICERR FRAEROEE R, TR R E R E A, AT AUER . HE
M AL CRIBRH R BT SIREE, BT, R R R I RLRE

6.2 EEEREERIAITTH

MSEBRAMME ER B, ARSI TR RN EIEE B R N 2, WITHES A 5
B2k, ®aeth. S5E0UANFR IR, ABEFUHE th = 2508 [m) 2 B B ) w478 % .

B, PREEVERSEINE AN, PR TR N TR S50 2 R, AT EERA

PPN [F) PR3 AR 138 B 22 S R UEAE T AT EE B P SR R A BT N SR T AN 25 B
TSR ERAR . SEEG 3 KIN, UFTHF CRBAE” , RAEVEREI TR, BRI AR A
AP0 IR AHIFFRITERAS B . SO & 2, A RT3 0 R IR A R A HUSIERE T A0
RE H OGS — M GESRUE, RN G R — AN R T R B B I AT T &R . — I
5 FIENE AR S T RS, H— 28 E Nk AR R B B & R p R A
MR, A JEARAS T RN B R T, 55— T DU e U 2 e B AR AR P R 2 R U A2 A
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Perceived opacity leads to algorithm aversion in the workplace
Abstract

With algorithms standing out and influencing every aspect of human society, people’s
attitudes toward algorithmic invasion have become a vital topic to be discussed. Recently,
algorithms as alternatives and enhancements to human decision-making have become ubiquitously
applied in the workplace. Despite algorithms offering numerous advantages, such as vast data
storage and anti-interference performance, previous research has found that people tend to reject
algorithmic agents across different applications. Especially in the realm of human resources, the
increasing utilization of algorithms forces us to focus on users’ attitudes. Thus, the present study
aimed to explore public attitudes toward algorithmic decision-making and probe the underlying
mechanism and potential boundary conditions behind the possible difference.

To verify our research hypotheses, four experiments (N = 1211) were conducted, which
involved various kinds of human resource decisions in the daily workplace, including resume
screening, recruitment and hiring, allocation of bonuses, and performance assessment. Experiment
1 used a single-factor, two-level, between-subjects design. 303 participants were randomly
assigned to two conditions (agent of decision-making: human versus algorithm) and measured
their permissibility, liking, and willingness to utilize the agent. Experiment 1 was designed to be
consistent with experiment 2. The only difference was an additional measurement of perceived
transparency to test the mediating role. Experiment 3 aimed to establish a causal chain between
the mediator and dependent variables by manipulating the perceived transparency of the algorithm.
In experiment 4, a single-factor three-level between-subjects design (non-anthropomorphism
algorithm versus anthropomorphism algorithm wversus human) was utilized to explore the
boundary condition of this effect.

As anticipated, the present research revealed a pervasive algorithmic aversion across diverse
organizational settings. Specifically, we conceptualized algorithm aversion as a tripartite
framework encompassing cognitive, affective, and behavioral dimensions. We found that
compared with human managers, participants demonstrated significantly lower permissibility
(Experiments: 1, 2, and 4), liking (Experiments: 1, 2, and 4), and willingness to utilize
(Experiment 2) algorithmic management. And the robustness of this result was demonstrated by
the diversity of our scenarios and samples. Additionally, this research discovered perceived
transparency as an interpretation mechanism explaining participants’ psychological reactions to
different decision-making agents. That is to say, participants were opposed to algorithmic
management because they thought its decision processes were more incomprehensible and
inaccessible than humans (noted in Experiment 2). Addressing this “black box” phenomenon,
experiment 3 showed that providing more information and principles about algorithmic
management positively influenced participants’ attitudes. Crucially, the result also demonstrated
the moderating effect of anthropomorphism. The result showed that participants exhibited greater
permissibility and liking for the algorithm with human-like characteristics, such as a human-like
name and communication style, over more than a mechanized form of the algorithm. This
observation underlined the potential of anthropomorphism to ameliorate resistance to algorithmic



management.

These results bridge the gap between algorithmic aversion and decision transparency from
the social-psychological perspective. Firstly, the present research establishes a three-dimensional
(cognitive, affective, and behavioral) dual-perspective (employee and employer) model to
elucidate the negative responses toward algorithmic management. Secondly, it reveals that
perceived opacity acts as an obstacle to embracing algorithmic decision-making. This finding lays
the theoretical foundation of Explainable Artificial Intelligence (XAIl) which is conceptualized as a
“glass box”. Ultimately, the study highlights the moderating effect of anthropomorphism on
algorithmic aversion. This suggests that anthropomorphizing algorithms could be a feasible
approach to facilitate the integration of intelligent management systems.
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& Sonderegger, 2019) . &M HE NI S1T8I#E  (computers as social actors, CASA)
WU, AMISKTHENUR A S BRI BN Mt 2 sk, 52 (1 B 32258 )\
NEAL 2 AR, T AT A A H R NSRRI SER 3, (Nass etal., 1994) . HIt5]



HH “THENUE NS E (computers as leaders) 7 JB\5RIH, H LK RN E BLZ
JAERP IR E S, MR EEEE 5EE R T2 MK B4 TiE (Wesche &
Sonderegger, 2019) . FEUTEF R T, X T AW E R REE B AW 5T 2 KA ). AT
FORI T NATRER Y oA O P SR R SRR A RR O AR E I HE R M PRGBS B, X 5 56 AT 7T 45
RIELAR—3 (Acikgoz et al., 2020; Diab et al., 2011; Nerskov et al., 2020) . — I} {8 F [ Ak
PIARRME R A R, 79%I1 32 15 R AR TR T B SRR SR (AR I B A 22, I FLEE it
)T i AN2852 il (Fischer & Peterson, 2018) . 3 H., W KILA T/ Bl BARAHE
FEZHANBRG R QB R, 2RXe%EE) 29, (HHEEDCNRAZE AYLTME
T AN B S S (Haesevoets et al., 2021) « AHFFE & HL, T4 A5 EEM T
FHE BN 3PSy, AR AR 2 B A BRI B o X — 4518 IR IZy o (R B0 DR SR T 3 )
UEHE o [FIR, 1% — R BLSR BERT 7038 A Aol 5 B 2 AT 75 2 o VA S 1 S 5 N 2R 2 TN 5%
F, FF IR WAl B2 AR S 3 T OB P I, an ik N D R R AN
A — AL A

AR PR, AW FIEE S A RGeS DL BRI A R A e “ =4 -
A7 B PR AR FE A A DA e AT BR ) AR SRR B ROB M ), 3778 1 S BT S AR RS
PR T o AR 7R 22 0 Il i Sk e SR LA AR 55— AN B s,
WIEAT (Hoff & Bashir, 2015) . LR (Wien & Peluso, 2021) , F-i{ LU BH AT TR
SR PEBAA . IR IR T BE 2 BRI, AATRA v e B AT A — 3, HeamAmT &
TR ) RIS HE A P B0 2248 (Yeomans et al., 2019) o Z5&xF A O HIIE S KA
W, BATAAEIEPEEX M OHEIL R 20T LAAF 15 178 (BED A4 pAEE
fRAEER (S5 ABC HiE, Breckler, 1984) . [Aith, AWFFTIER T il VM. S22
[ P ERE =8N B =ANEE I RAE . FTEVFE NN FIZERE R 7 AT s
AT RIS AR GR, Bl — Bt ) 5 — ok AR A AT sk i e /. BUR)L 5
¥ s 52 A NBERLAMINTT = A 16— AR AR A 8, AR N BEAEJ T 1] P XH S M) HE 1) o )
(Bartneck et al., 2009) , B 7 AMIEE B BT Ao 2 St v R =R 0=
KA TR RS B A AT AR A4, 7R N4 1 S AR S5 ATT
EHMAE, BT LR =424, RUtFEHERREEEICHBER g« R 105
(employee-employer) ” [XXE AL (Cummins, 1998; Gigerenzer & Hug, 1992) . HAmJ %
VIR 5 2 R P A M\ O 1) B SR e B2, T ) P B U SR e iR 5 1 A il 47
TN VRIS M B o 3K — A 0 22 e VRS T A A e R s R SRR IR
MGAESRES 1 AISLES 4 IRBCA 1S B H o BO R RIE TR AR AR AR R (A IR K — 5055
NGO, SECLREAE N 5T NAETEE RS, ERRE A S5 7 5t
NZBRIIE T, ARAERR GIX — S (1P B ) 1

AR, AN T L5 V8RB AT — Fioet BR 3% o 9248 105 o PO AT ), (ELIX R AN vk
MV R Ik E TR AR o JEUA ST 51 TARHE A AR S 50T & I BT I SRR R
(Benlian et al., 2022) , EANSE R HANIE W 14 J8 4 11 MR TN SO SR O AR N i 2 T A,
B ZAEFUREEAIAE 7+ (Jussupow et al., 2020) o (HIXHEAS L LAk NSk 56— 2% R0 T £ ) el
RIE B, R 2R TR R AL DL RO B i P SO SO (2 b o 8 I R A A - 5 L
FEXRT A B A T SO R v, A 703 AN — 2 BN 53 AN 75 BB ey o HE B g N
. B ANBU B SE 248 (Simth & Shum, 2018) , VRGBT AEFIEE T S22 T
MLRR ANKRS I FFEE AR, Hx X AR AT 33— D PP I o AT
T, AR bR E B, T IX R B A, RO AE
ML “RIBH R BT SIREE, Bk e, R AR B RLRE -
6.2 BEIEREEEMAIITZH



MSEBRAMME ERE, ARSI TR BN EIEE B RN 2, WHESI A 1 5
Bk, ®aeth. S5GMUANFR IR, ABFUHE th = 2508 [m) 2 B BRI W AT I8 2

B, IREEVERSEINE AYE, FERATARREE N TR S50 2 R, AT EER A
PPN [F) R 3R AR )3 B 22 S R UEAE T AT EE B P SR A BT N SR T AN 25 B
TSR ERAR . SEEG 3 KIN, UFTHF CRBAET . RAEVEREI TR, BRI AN
AP0 IR AHFF RITE RS L . SO 5 2, A RT3 0 R IR N R A WL RE T AT
HREHROGREMIER, FR R H— MEFH R RS AR T T . — RS, Hik
3z MRS P T T TR, H— R IRE AR BRI R £ I A S R g AR F ks, Al
JRAANRT R I RE AT R0, 5 — 7 T DU e W e AV 3 1 JE R ) 3

(Confalonieri et al., 2021; Leichtmann et al., 2023) . Ft, FHERIEEEEME, EHEAE
T AGE R T A& AT iR tE N T2 g (Explainable Artificial Intelligence, XAl , #3434 it %
P TER A EIEMGR 5, FRAEANE N “BAE (black box) 7 #A2 RT H 5
‘2 “BEIEFE (glassbox) 7 (Rai, 2019)

B, WAL BRI, 9200 4 BRI, SRR TIEA . RIE RIS R R
AL RS A B AT I POBASTE, BIAHEE A VA 7 28 = ARRRIR M LS
HE, MIEHT EERBMAERAL T B ARRR LS M SRS k.
X5 ST % TN AT AL AN FI AR ARG () SRS A R FF— 3L (Han, 2021; Natarajan &
Gombolay, 2020; Yuan & Dennis, 2019) . 3 FHFRLEE, AWFREFEZE RGN TT
AR ABNITES, 4 R EETCE” BIEETHR, DARE m AT e N R SR Ak 1) 422 i 2
8

B RmRAMEIERTR. (S50 4, AR IR S5 1) SR AN T A B 42
1) A T DR AR B (1) TE R R, RO SRV AR R T i ik, O R H I S
M. X — KRB AR BB B 0N (mere exposure effect) HEATMERE, BN N B SRt 410
BEREREEMGN, NI HKEZREER A ExiEm (Zajone, 1968) « XKML 1
U SRAR LR = A BRAERE A T I S AR R, BV AT DU IS R A TR B I AR AN T i
. B nE, WHEERERAMELEZIE (algorithmic literacy) , BRI PRI E L~
AREIR. JR. 5. SERSAIRAE (Swart, 2021) . AR T HEIME. B840, B AL
o, NATTRR R 1 B B R0 R L e DLRLS 200 B AN ] 55 () B0 o TR o5 A B AT TR 800
TR R TS EIR, 53814 (3% 1T identity, Craigetal., 2019) , MM A% 5 173
e I B 1) ReAL .

6.3 HARBREKRKRE

IR, A FAFE—E R RRME. 28—, fERARERIE BRI T AT HE B
FINE IEE AT A=EENEBE- N BN, EW R GE TR e H A i — A
JiTHl, RIS AT Ve . BB R AR R R, 15 Vi 2 oA 1) 25 B2 TR 3 For Js 45256
& s T HLUR W EERE(F (Logg etal., 2019) . ¥ M ik SEAERE 5 45 L A F
&N (Schoeffer etal., 2022) . HHRA A RN 5] FHTT SR PR HER (Mende etal., 2019) . 4k
HIAREA Y JE AT BEH L FE 57 (Malle et al., 2016) . & 1147y (Lokhorst & van den Hoven,
2011) 5. 4, P SRV BEARER AT B FRAR 2 I TR R A8 F A sk 3 AT N B A,
DA A HER I, AEERIFMAESSE. JFH, AMURATREZE T 020k,
HUATAS—, TEESEME B Sorh i 5 90 me =AM — 80047 OB . (RIDE, SR 78 mT LUK
AT T 7~ (R 280 TN 355 PR A A B 58 o PSR UE R FH I 82 55 7 3 sl 10 A ) 288
RUEE (W ENSAFERAWEIE) B3RS R R 5.

HWR, AFFAUIEH TR T HJE AR BRRANAI S RS (@i, H— AP
X R 2 AN T VB R . — 75 X R A 5 T R IA T 44 Bk 2 SE B R H ek



] B PR 7 (s SR A J R e TE & BhF Siris /NKA &) (19155 A8 15| 3/ [ 2
REHNAEFFEHD , &R RREE IR 55— T2 F I B0 55 IR
PIFLNACKT NS BE s BE A 4, EE 2 n] Ge tH LM 42 248 Cuncanny valley effect,
Laakasuo et al., 2021; Mori, 1970; Mori et al., 2012) . H#3/@ /i (Yoggeeswaran et al., 2016;
Zlotowski et al., 2017) SE@EAH TP Bk, AREHFF AT DU IRANGR A FRZEE, A
[ A% RS2 () AL RS AT T BRI B0 (R 25 B 7= A e 1R 5

IR, BRI B DO AT REAT A7 AE AR AL A A2 A EARF 7T rh, FRA 15 AR
Fo T IREE LR AR o AT SEBR B ANATTBIA RN A 2 4RI, HAR R R T ge oA .
Blhn, SEARKEBEE GFIA 55, 2022)  EARKO R EA/K T (Bigman & Gray, 2018) .
i R N B (human uniqueness threat)  (Ferrari et al., 2016) #B 1] GE /& HRI7 g 5%
W SR PO IR TR IR o AR IRIT 5 AT DASE 40 B0l 25 5 80X S T RE AR &, JF0) X LR
RIZ N LAZEA L, DAE SR AR A 5L S0 NSRS 22 R IR 2 0L . [FIRE, 5%
Mg NATT AR ST FEE 13 T 2 AR A AN 1R A o X T HLBS B0 E AR R AN B AR SRR RO 1 5%
JIZAT DA =07 TR ERAR, BDNEE SRR HLEs B A B AN BB (VPIma,
F,2020) o PR, FEEHE AR ZE R SR R I SRS T A A A [R] O BB (A
R /Be ), Fiske etal.,, 2002) « NS PR IR B A AR 1] BE 23 78 b g2 min o S0 PR
PNRE, XA IR S AR AR R

Wi it 4 2 25 SR -

Acikgoz, Y., Davison, K. H., Compagnone, M., & Laske, M. (2020). Justice perceptions of artificial intelligence in
selection. International Journal of Selection and Assessment, 28(4), 399-416.

Bartneck, C., Kulic, D., Croft, E., & Zoghbi, S. (2009). Measurement instruments for the anthropomorphism,
animacy, likeability, perceived intelligence, and perceived safety of robots. International Journal of Social
Robotics, 1(1), 71-81.

Benlian, A., Wiener, M., Cram, W., Krasnova, H., Maedche, A., M&lmann, M., Recker, J., & Remus, U. (2022).
Algorithmic management: Bright and dark sides, practical implications, and research opportunities. Business
& Information Systems Engineering, 64(6), 825-839.

Bigman, Y. E., & Gray, K. (2018). People are averse to machines making moral decisions. Cognition, 181, 21-34.

Breckler, S. J. (1984). Empirical validation of affect, behavior, and cognition as distinct components of attitude.
Journal of Personality and Social Psychology, 47(6), 1191-1205.

Confalonieri, R., Coba, L., Wagner, B., & Besold, T. R. (2021). A historical perspective of explainable Artificial
Intelligence. Wiley Interdisciplinary Reviews. Data Mining and Knowledge Discovery, 11(1), e1391.

Craig, K., Thatcher, J. B., Grover, V. (2019). The IT identity threat: A conceptual definition and operational
measure. Journal of Management Information Systems, 36(1), 259-288.

Cummins, D. (1998). Social norms and other minds: The evolutionary roots of higher cognition. In D. D.
Cummins & C. Allen (Eds), The evolution of mind (pp. 30-50). New York: Oxford University Press.

Diab, D. L., Pui, S. Y., Yankelevich, M., & Highhouse, S. (2011). Lay perceptions of selection decision aids in US
and non - US samples. International Journal of Selection and Assessment, 19(2), 209-216.

Ferrari, F., Paladino, M., & Jetten, J. (2016). Blurring human—machine distinctions: Anthropomorphic appearance
in social robots as a threat to human distinctiveness. International Journal of Social Robotics, 8(2), 287-302.

Fischer, S., & Peterson, T. (2018). Was Deutschland (ber Algorithmen weif3 und denkt: Ergebnisse einer
repr&entativen Bevdkerungsumfrage [What Germany knows and think about algorithms: Results of a
representative survey]. Gitersloh, Germany: Bertelsmann Stiftung.

Fiske, S. T., Cuddy, A. J. C., Glick, P., Xu, J. (2002). A model of (often mixed) stereotype content: Competence



and warmth respectively follow from perceived status and competition. Journal of Personality and Social
Psychology, 82(6), 878-902.

Gigerenzer, G, & Hug, K. (1992). Domain-specific reasoning: Social contracts, cheating and perspective change.
Cognition, 43(2), 127-171.

Haesevoets, T., De Cremer, D., Dierckx, K., & Van Hiel, A. (2021). Human-machine collaboration in managerial
decision making. Computers in Human Behavior, 119, 106730.

Han, M. (2021). The impact of anthropomorphism on consumers’ purchase decision in chatbot commerce. Journal
of Internet Commerce, 20(1), 46-65.

Hoff, K. A., & Bashir, M. (2015). Trust in automation: Integrating empirical evidence on factors that influence
trust. Human Factors: The Journal of the Human Factors and Ergonomics Society, 57(3),407—434.

Jussuow, E., Benbasat, 1., Heinzl, A. (2020). Why are we averse towards algorithms? A comprehensive literature
review on algorithm aversion. In Proceedings of the 28th European Conference on Information Systems
(ECIS), 1-16.

Laakasuo, M., Palom&ki, J., & Kébis, N. (2021). Moral uncanny valley: A robot’ s appearance moderates how its
decisions are judged. International Journal of Social Robotics, 13(7), 1679-1688.

Leichtmann, B., Humer, C., Hinterreiter, A., Streit, M., & Mara, M. (2023). Effects of explainable artificial
intelligence on trust and human behavior in a high-risk decision task. Computers in Human Behavior, 139,
107539.

Logg, J. M., Minson, J. A., & Moore, D. A. (2019). Algorithm appreciation: People prefer algorithmic to human
judgment. Organizational Behavior and Human Decision Processes,151, 90-103.

Lokhorst, G. J., & van den Hoven, J. (2011). Responsibility for military robots. In P. Lin, K. Abeney, & George A.
Bekey (Eds.). Robot ethics: the ethical and social implications of robotics (pp. 145-156). Cambridge, MA:
The MIT Press.

Malle, B. F., Scheutz, M., Forlizzi, J., & Voiklis, J. (2016). Which robot am | thinking about? The impact of action
and appearance on people’s evaluations of a moral robot. 2016 11th ACM/IEEE international conference on
human-robot interaction (HRI), 125-132.

Mende, M., Scott, M., Van Doorn, J., Grewal, D., & Shanks, 1. (2019). Service robots rising. Journal of Marketing
Research, 56(4), 535-556.

Mori, M. (1970). The uncanny valley. Energy, 7, 33-35.

Mori, M., MacDorman, K. F., Kageki, N. (2012). The uncanny valley [From the field]. IEEE Robotics &
Automation Magazine, 19(2), 98-100.

Nass, C., Steuer, J., & Tauber, E. R. (1994). Computers are social actors. Proceedings of the SIGCHI Conference
on Human Factors in Computing Systems, 72—78.

Natarajan, M., & Gombolay, M. (2020). Effects of anthropomorphism and accountability on trust in human robot
interaction. 2020 15th ACM/IEEE International Conference on Human -Robot Interaction (HRI), 33—42.
Ngerskov, S., Damholdt, M., Ulhd, J., Jensen, M., Ess, C., & Seibt, J. (2020). Applicant fairness perceptions of a
robot - mediated job interview: A video vignette - based experimental survey. Frontiers in Robotics and Al, 7,

586263.

Rai, A. (2020). Explainable Al: from black box to glass box. Journal of the Academy of Marketing Science, 48(1),
137-141.

Schoeffer, J., Machowski, Y., & Kuehl, N. (2022). Perceptions of fairness and trustworthiness based on
explanations in human vs. automated decision-making. Proceedings of the Annual Hawaii International
Conference on System Sciences, 1095-1102.

Smith, B., & Shum, H. (2018). The future computed: Artificial intelligence and its role in society. Independently



Published By Microsoft.

Swart, J. (2021). Experiencing algorithms: How young people understand, feel about, and engage with algorithmic
news selection on social media. Social Media Society, 7(2), 205630512110088.

Wesche, J. S., & Sonderegger, A. (2019). When computers take the lead: The automation of leadership. Computers
in Human Behavior, 101, 197-209

Wien, A., & Peluso, A. (2021). Influence of human versus Al recommenders: The roles of product type and
cognitive processes. Journal of Business Research, 137, 13-27.

Xu, L., & Yu, F. (2020). Factors that influence robot acceptance. Chinese Science Bulletin, 65(6), 496-510.

[VFRE#, MiE. (2020). MLas NE:ZJEIIRemRI &R, FIs2i7R, 65(6), 496-510.]

Xu, L., Yu, F, & Peng, K. (2022). Algorithmic discrimination causes less desire for moral punishment that human
discrimination. Acta Psychological Sinica, 54(9), 1076-1092.

[VFEEA, WE, #2917, (2022). BEBM L N KRB G| i3 /DB M AE SR, O FR, 54(9), 1076-1092.]

Yeomans, M., Shah, A., Mullainathan, S., & Kleinberg, J. (2019). Making sense of recommendations. Journal of
Behavioral Decision Making, 32(4), 403-414.

Yogeeswaran, K., Ztotowski, J., Livingstone, M., Bartneck, C., Sumioka, H., & Ishiguro, H. (2016). The
interactive effects of robot anthropomorphism and robot ability on perceived threat and support for robotics
research. Journal of Human - Robot Interaction, 5(2), 29—47.

Yuan, L., & Dennis, A. (2019). Acting like humans? Anthropomorphism and consumer’s willingness to pay in
electronic commerce. Journal of Management Information Systems, 36(2), 450-477.

Zajonc, R. B. (1968). Attitude effects of mere exposure. Journal of Personality and Social Psychology, 9(2), 1-27.

Ztotowski, J., Yogeeswaran, K., & Bartneck, C. (2017). Can we control it? Autonomous robots threaten human

identity, uniqueness, safety, and resources. International Journal of Human - Computer Studies, 100, 48—54.

E=%

WEEN:
HINFR 7 — MM ERLAER SR, ST B =vrad o, WAL F A
R, DA R AT A



