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WA FZEEREZm, 5502 EEMRE PK\F)F
B N ERFIERE R P(j\k). Rosch A1 Mervis (1975);
Murphy Fl1 Ross (1994, 2005)#255—NHEFRZ K
CHFIIAIVE, 5 H 8 T 5 S0 A
o A RERRZ N RRE AR, H8 BN RRE
TEHEA R E 0 P AFAE I
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WIE T 284 3 MR PCEA NE B AR 224 3
I B S (R RE S P& B0\ 1)y 2/4; 1IETT
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P(£ 0\ IE 77 B )=ZkP(k\IE J7 I ) P(4k f.\k) =P(*~4
NEJTE) PSR A\F A 1)+P(5E 2\E 7 T8 ) P(4k ()
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HARSEATIAZE, RIERAE S I 0 Moo 2 SR 31, PiRh
ZAF T IERIE M AR 22 TR B3, ¢°=0.02,
df=1, p>0.05. 734k, BT LA A28 A8 ik i 15 25
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“HENNZ&AE” (N=48) T 45 AF T ) 175 8 247 883,
W21,

Fz1 PAHERGSEMES THBIFEMER LR

M IEWHERAEHERE AS(%) RS R ()
ERle 208 78% 0.60+0.21
& 83.3% 0.62+0.18
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VIREAE E A Mo HARSEATIA2E, BVHERRE RS 1E 0 Hb 1
FERRISN, WRP SR T BRI B B 25 R
W, ¢*=0.14, df=1, p>0.05. %&b, FrA IERIHZEH)
BRI SRR ITE 0.33 5 0.8 Z 8], XA AHT
FRT AR E I 551

X BB E B U S Bl A < s A (NG=53) 5
“HEM A (N=48) T FpAE 10 I (9 4% Ol 247 G211,
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A LRI A (%) FRAEIEERAE R (0

thbE g 77.4% 0.50+0.20

Bk 68.8% 0.60+0.18

5N O t=2.21%
. *p<0.05

Xof T Aff 3 B A A R 7 R AR 2% F TR AR AE
B R D7 Hed, Wk 2, BoldE R &R
FEAE HE BEABE S 55 B 4514 T A A R 25 R 10
3, 1(26)=2.21, p<0.05. XAZEI HF T HHAR R
(B 15, 156 B Bk a7 4k st 522 B2 ST M BB 25 F
G2 RN RAE, TESATRAAEHERLES 5 1 T R R

SERE A AE L

STES 1RSSR E, (A RIS R Ak
EE 2w, BOX IR T R RSN RAE, MR
HEFR I H 2% IR A AR &0, TS S B
LR IATION 2T, w2115 2200 A 2800 HAE,
T RRAE $E B A 42 3875 TR A 2SI R AIE .

SR, SE90 1 AET- PR Al 2 7 =R 2 ) R B
AR T EE 4 %852 K, BRI T 44>
R (B 16 AL 64 WHIBLR N 2% 2T), FIREATE
TR RN 2] O A AH R 2 D AR . R gk
22970, FAHE A BRS04 %G
TEFBF 2 7T, M TRHREH 24 4
MRES, 456 4 FORRIJTOL, 22 HRAEIE Gt
)it 8 W TR 2] O K R g2 S b, BAR
WRRR 16 R N>, kR FIRRE4 %
AT ) 4 R RN E S R 4 R, RN AR T O
ME o etz 0 (L 1a) Mgkt~ 2] 77
(S5 1b)4 Fo2% 2] e feJm — e W IE B0 253 31k 75%
1 60%, A5 ALI, [l 2] g7 Kbk 2] g7 =
B2 TE R 2R 75, 1(122)=6.28, p<0.01.
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S

3 SLEG 2

H A2 2R B IR 3R 80% 14 S FEEE T
AR B P RRIE AR . L S28G 2a #5805 R A
2SN RRHIEHERE, SEES 2b RVTARAT AR &
PR A RRE A3
31 X 2a

PR [ 52 2 2] IE 0%k 80%, [AIA 2% ) 4544 F,
VR AT 7 B R A B
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(1) #ik

BB S AR A 60 44, ) U IE AL N
1EH

(2) ##t

2 )R RL IR0 55 (] A SE S 1a —FF

3) wit58F

FAUSLLS 1a, AREIAIE2E 2 IEf %52 80%)5,
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312 HREHH <P MK T IERHE K
S AEC N 81.7% (49/60); “H4hn &4 F IE##h &
B B9 A BUK 86.7% (52/60); W] WL 4 K Z2 5wl ik,
VIREE E A Mo HARSEATIAZE, BVHERRE RS 1E 0 Hb 1
ERLZEG, PR SE T IR BB 25 SR
B, v*=0.05 , df=1, p>0.05, 74k, FFEEHIEZE
B A IH 2R 9 7E 0.30 5 0.9 Z 1], XG4
TFFE O T IS A 551 o R RE IE B U 2 A
AR HPE R (N =49) 5 “BE 2644 (N=52) T 4¢
TR S AT get, WL 3.

R3 CRMEEMSIEMEGTHEESIEMER LR

&1 IEFARAEHE R AR (%) 4R AEHERAE R ()
S 71.4% 0.60+0.21
B & 76.9% 0.62+0.23
Gtk t=0.424

Xof T B 44 B A B0 Bl 9 Rl 4 1 R B AR AR
PRI T ISR, Wk 3, pakfEh &0 T
FRAF HE BB 5 B S5 10 4 BRARE R 25 SR
WL, t(44)=0.424, p>0.05. XAEER T gk
VBB, FISEE la AL SR—2 Ui a7 )
i SR BE S RRM AT, SR BIERAE, ek
FHFRAEHE B 2% 58 T S AR AE A 1 1
32 K 2b

A [ 52 27 X IRl 80%, 4k ~% > 5414FF,

VA AN 52 s B R AF 4 B
321 Ak

(1) #ik

VR SR AR 60 44, M SO IE T IEH .

(2) ¥4

2 2 R R SN 56 () AT SC I 1b — A

(3) ®it5#&F

RIS 1b —FF, AN[A Y225 ) 1F 6 26 55 5
80%J, RIERFEAY 16 ASHIBLIER KN 13 P 13
S 7 S P =~ A O [ P T W O R0
322 HREHM  PHEFMT IEHHE K
S AECH 86.7% (52/60); “Haim &4 F IE#iH &
S N BGR 81.7% (49/60); AT L4 K iR,
VIReag E A Mo HARSEATIH2E, BVHARHE G (E 6 M ot
FEREER], PRSI R IERIAZS A9 A B LB 22 BN
2, ¥*=0.05, df=1, p>0.05. B4, FrA EMfIAZEH)
B A MR 7E 0.4 5 0.8 Z 0], X AFA AR5
KT AT E B 55 . X RETER H M B0 7E
“CHPEZAE” (N=52) 5454 (N=49) T FRAE T
MR B TS, IR 4.

R4 CHEEHSEMES THEBRSIERNER LR

A% EBHERIEHERE AR0(%) R A R ()
Rl 208 78.8% 0.46+0.20
&t 81.6% 0.54+0.26
SEil R t=1.77

XoF 1 A A B AE 1% B 3 R A R AT I REAE
WEHMER AT A, Ik 4, #ilkfeep &
FEAEAE ML 232 5 <3G i 250 (%) HE AR R b 2% Wk
#, 1(38)=1.77, p=0.085, X LR IHF T “HIPERL
R AR B, 150 Bl AE 4k i 52 B2 > Bk 21
T, I ZAGFRAE, EHATRAEHEI AT T AR
A BRI 50

[FSE5 1, FREIRImy 25 2] (5L 2a)FIgk 2% )
J7 2T 242 T R 5 R 8.56 A1 10.2 56, M 2
SR E, 1(118)=1.67, p>0.05.

4 e

SEHS 1a, 2a WSS R, IR RBEHZEERDY
Fenl2E 2 Ir R, IR RAE, EIHEAH
FE A RAIEAE R, 8 R A RIS O, 4%
HE“PR (Y Bayesian FLUZEATRAAEHERE, SCEG 1b,
2b MIZ5RFEW, BB ER NI E T T7
R, GNP EAE, 7800 E B A9 RFE
e, A BRSO R IE TS O, 2% iR
FHIFENE O, & IR<Z 2509 Bayesian L #E17
e

HE AT UL, R 2 o 2 5] 2 > O =0, 222
AT O 2R 1 e BL R A RRAE, X e AR
R )RR R T 000, XFE, Y2 Z I AH UM
AR, BIZERIHEA R Z 3L R 0 LAY RR AR i, X
22 07 AR ) AW AR BURREAE, ORI T 29 15928
FNZ IR OEFR o Midka 22 > (225 2 O =T, 2%
BT T 45 25 1Y e L ARVERAE, 1 HLid 2 2]
TIHE AR S RVRRAE, JF A 215 T 2R Z H
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Influence of Category Learning in Feature Predicting When Categories Are Uncertain

LIU Zhi-Ya; MO Lei

(Center for Studies of Psychological Application, South China Normal University, Guangzhou 510631, China)

Abstract

This paper studies how feature prediction is influenced by two types of category learning at uncertain

classifying circumstance. One type of learning is stimulus by stimulus and another is category by category.

Anderson (1991) provided a Bayesian analysis on feather predicting when categories are uncertain. For each

object containing features F and each category k, one can predict the presence of a novel feature j by using the
formula: P(j\F) =Xk P(k\F)-P(j\k). That is, one calculates for the object how likely it is to be in each category k

and how likely that category is to contain the property in question. Then one sums across all the categories in

order to make the prediction. In short, this proposal is that people use multiple categories to make predictions

when the categorization is uncertain. Murphy & Ross (1994) argued that people make category-based inductions

basing on only one category, even when they are not certain that the object is in that category. They found that

even if participants give a fairly low rating of their confidence in the category it does not lead them to use

multiple categories at making prediction. That is, one can predict the presence of a novel feature j by using the

formula: P(j\F) =P(k\F)-P(j\k).

The experiments used the learning-transfer-paradigm which has three phases: learning phase, filler phase
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and transfer phase. 244 participants took part in two experiments. In experiment 1, participants stopped learning
until they completed 4 blocks (64 trials), and in experiment 2 until they reached an accuracy of combination of
80%. In learning phase there were two learning ways: one was stimulus by stimulus (experiment 1b and 2b) and
another was categories by categories (experiment la and 1b) and participants reacted basing on conditions and
received feedback from tester. In transfer phase participants conducted same task as learning phase except that
no feedback was given during transfer.

The results in experiment 1a and 2a showed that in category by category learning way the neutral condition
was rated 78% and 71.4%, comparing to 83.3% and 76.9% for the adding condition. The difference between two
conditions was not significant and “t” equal to —0.43 and 0.424, p>0.05. The results in experiment 1b and 2b
showed that in stimulus by stimulus learning way the neutral condition was rated 77.4% and 78.8%, comparing
to 68.8% and 81.6% for the adding condition. The difference between these conditions was significant and “t”
equal to 2.21 and 1.77, p <0.05.

The study demonstrated that two ways of category learning led to different category representations: in way
of learning category by category participants tended to focus on information of single category and their
subsequent prediction conformed to the formula: P(j\F) = P(k\F)-P(j\k). Whereas in way of learning stimulus by
stimulus participants tended to focus on information of multiple categories, and their subsequent prediction
conformed to the formula: P(j\F) =Xk P(k\F)-P(j\k). This observation is part of general trend that is concerned

with how category learning influences category representation.

Key words category learning; feature predicting; single category; multiple categories; Bayesian rule.



